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Abstract: Impact assessment frameworks play a vital role in the performance, accountability, and long-term 

outcome of international sustainability projects. As governments, international organizations, and development 

agencies increasingly use these frameworks in their policymaking and resource allocation, concerns have been 

raised about their ability to capture meaningful, sustainable impact. This paper assesses popular impact evaluation 

models used in global sustainability initiatives across environmental, social, and economic aspects. A comparative 

and systematic approach to analytic research is used to evaluate the selected frameworks against major criteria, 

including the relevance of indicators, potential rigor, data availability, scalability, inclusivity of stakeholders, and 

alignment with global sustainability agendas, such as the Sustainable Development Goals. To strengthen the 

analysis, the study uses a standardized scoring system based on descriptive statistics, such as comparative frequency 

distributions and variance across evaluation criteria. The findings show that there is a quantifiable difference in 

performance of the frameworks, with higher aggregate scores observed in short-term output tracking, compliance 

monitoring, and performance measurement, and low scores in measuring long-term outcomes, transformational 

change, and intersectoral or interregional impacts. The statistical trends also suggest systemic gaps in incomplete 

information systems, the lack of integration between qualitative and context-specific indicators, and inefficient 

registration systems, with implications at the community level. The schemes that include participatory assessment 

systems and online surveillance devices show relatively better results in various aspects. In general, current impact 

assessment models help track short-term deliverables and accountability, but they fall short in encompassing lasting, 

systematic change. The results specify the necessity of the adaptive, inclusive, and data-integrated assessment 

models. The research provides empirical evidence to enhance the effectiveness and accountability of global 

sustainability efforts by refining impact assessment frameworks and guiding policymakers, practitioners, and 

international bodies in advancing sustainability. 
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I. Introduction 

Impact assessment frameworks are structured instruments designed to measure the performance, 

outcomes, and long-term impacts of policies, projects, and initiatives in sustainable development. These 

frameworks have evolved into multidimensional evaluation mechanisms that combine environmental, 

social, economic, and governance indicators, rather than simple monitoring systems. Similarly, their use 

has become widespread in the last few years across urban development, climate governance, energy 

systems, and sustainable production (Kourtzanidis et al., 2021; Hegab et al., 2023). Contemporary models 

are more focused on flexibility and comparisons, enabling the use of assessment methods across various 

geographical and institutional settings. Indicatively, life-cycle assessment methods offer a holistic 

understanding of the environmental effects in value chains and aid in making evidence-based decisions 

(Hellweg et al., 2023). Similarly, sector- and place-specific tools (e.g., neighborhood and smart city 

assessment models) will provide local sustainability results without compromising methodological quality 

(Sharifi et al., 2021; Kourtzanidis et al., 2021). 
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Figure 1(a): Conceptual Overview of Impact Assessment Frameworks 

Figure 1(a) demonstrates the circulation of impact assessment schemes in the global sustainability 

endeavors. It shows the chronological relationship of the origin of the process that is the Sustainability 

Initiatives, next level is the Key Indicators, the next level is the Impact Assessment Framework, and the 

final level is the Outcomes. The arrows themselves demonstrate the direction of measurement and 

monitoring, how initiatives can be translated into measurable outcomes through structured frameworks, 

and the outcomes of these actions. The design is aimed at using a systematic process to monitor, measure, 

and improve sustainability efforts over time. 

Global sustainability initiatives cannot be measured or accounted for without monitoring their 

performance. With the concept of sustainability taking the global stage (Rachmad, 2025). Effective 

tracking helps policymakers and practitioners understand the goals and delivery of policies that are not 

met, particularly in areas such as climate action, pollution control, and sustainable investment 

(Awewomom et al., 2024; Hale et al., 2021). Moreover, sustainability challenges are cross-boundary and 

interdependent, and must be assessed using approaches that account for the transformation of the entire 

system, rather than individual products. For example, co-benefits of nature-based solutions and climate 

mitigation are likely to be achieved at both social and ecological scales and are not easily measured using 

constrained indicators (Palomo et al., 2021). 

The objective of the research paper is to establish the effectiveness of existing impact assessment 

models in measuring the impact of global sustainability efforts. In particular, the research paper will 

discuss the extent to which these frameworks capture long-term outcomes, cross-sectoral effects, and 

transformative change across various areas of sustainability. The paper will focus on identifying the major 

strengths, weaknesses, and best practices in existing evaluation strategies, drawing on knowledge of 

climate action, sustainable production, investment models, and environmental management (Ogbu et al., 

2023; Nwangele et al., 2021). Finally, the study aims to facilitate the development of impact assessment 

methods and enhance more effective decision-making regarding sustainable development at both the 

global and local levels. 
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Figure 1(b): Architecture Diagram of the Proposed Multi-Dimensional Effectiveness Evaluation Model 

(MDEEM) 

Figure 1(b) shows the stratification structure of the proposed Multi-Dimensional Effectiveness 

Evaluation Model, with sustainability indicators used as inputs to the evaluation process. These indicators 

are processed by the model in sequential steps of normalization, weighting, and aggregation, resulting in 

the general effectiveness score. The evaluation framework is built on the iterative and adaptive nature of a 

feedback loop in the sensitivity analysis, which re-evaluates input assumptions to enhance model 

robustness. 

The paper is structured as follows. Section II analyzes the literature on impact assessment models, 

their challenges, and best practices for assessing sustainability initiatives. Section III describes the 

research methodology, including the selection of the case study, its evaluation criteria, and the planned 

analysis method. Section IV gives the findings, including a performance comparison and key success 

factors. Section V addresses the implications of the results, provides recommendations for improving 

assessment frameworks, and outlines directions for future research. Lastly, Section VI concludes the 

study by summarizing key findings and explaining the significance of effective monitoring and evaluation 

for promoting global sustainability efforts. 

II. Literature Review 

Existing procedures for sustainability impact assessment are diverse because the global development 

problems they address vary. There exists a very wide range of frameworks whose structure is founded on 

sectoral or thematic priorities, such as biodiversity conservation, climate action, occupational health, 

urban development, and industrial sustainability. For example, models focused on biodiversity focus on 

ecological indicators, restoration achievements, and alignment of policy with international objectives 

(Feio et al., 2021; Xu et al., 2021). Similarly, sustainability performance is supported by operational, 

environmental, and social indicators that operate across logistics, warehousing, and industrial systems 

(Ali et al., 2023; Nantee & Sureeyatanapas, 2021). At a broader level, the global systems related to the 

Sustainable Development Goals aim to encompass different dimensions of sustainability within a single 

assessment framework. The latter strategies are increasingly grounded in quantitative indicators supported 
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by digital data sources, remote sensing, and big data analytics to improve coverage and comparability 

(Nilashi et al., 2023). Another recent aspect discussed in the literature is the growing popularity of smart 

technologies and artificial intelligence to strengthen monitoring systems, particularly in smart cities and 

organizational sustainability management (Zaman et al., 2024; Kulkov et al., 2024). 

All these structures bear testimony to the shift in assessment models toward data-rich, technology-

enabled models. Although they have become more complex, impact assessment models still face 

systematic critiques regarding their efficacy and feasibility. One concern is data quality and consistency, 

particularly in the minority of low- and middle-income settings where sustainability information is 

inconsistent (Nilashi et al., 2023). Fragile reporting systems, disproportionate indicator definitions, and 

fragmented reporting schemes are also present and make comparison across countries and sectors even 

more difficult. The other question aflame is the lack of linkage of the policy ambition and any verifiable 

outcome. Scholars indicate that existing frameworks are inclined towards the establishment of targets 

rather than implementation and enforcement, and that little is implemented in practice on other topics, 

including biodiversity and climate governance (Milner-Gulland et al., 2021; Pettorelli et al., 2021; Ozobu 

et al., 2023). The management of river basins has used biological assessment frameworks to facilitate the 

rehabilitation of the ecosystem by linking scientific indicators and adaptive management actions (Feio et 

al., 2021). Similarly, the examples of biodiversity programs since 2020 show that goals and targets, 

systematic surveillance, and stakeholder engagement could improve the effectiveness of implementation 

in case complex evaluation systems operate (Xu et al., 2021). The use of digital technologies in the urban 

and industrial environment has increased the accuracy and responsiveness in the assessment. Smart city 

systems based on IoT can ensure the real-time performance of environmental and infrastructure and 

enhance decision-making and accountability (Zaman et al., 2024). The use of sophisticated performance 

evaluation approaches has proven to generate quantifiable energy savings, a decrease in emissions, and 

social sustainability in the logistics and warehouse activities in line with the principles of automation and 

Logistics 4.0 (Ali et al., 2023; Nantee & Sureeyatanapas, 2021). The above illustrations make us 

appreciate the potential of impact assessment frameworks as long as they are context sensitive, data 

driven and integrated into governance and operations systems. 

III. Methodology 

3.1 Research Design and Data Collection Methods 

The proposed research design is a mixed-methods research because it will be used to assess the 

effectiveness of the impact assessment models deployed in global sustainability initiatives. The design 

will incorporate qualitative approaches to analysis and quantitative modelling to ensure a mixture of 

qualitative dimensions and an analytical dimension. The interpretation of the structures of a framework, 

logic of indicators and reporting mechanisms are heeded under qualitative analysis through systematic 

review and analysis of documents. Quantitative analysis facilitates comparability as it transforms the 

framework performance to standardized numerical scores. A systematic process was used in data 

collection. First, the indicators, the methods of measurements, and the desired outcomes were identified 

through the review of framework documentation and assessment reports. Second, performance data were 

pulled out and cleaned with regard to missing values and scale variations. The minmax normalization was 

done on all numerical indicators to make them comparable across initiatives with varying scopes. The 

normalized values of indicators (𝑁𝑖) were determined in Equation (1): 

𝑁𝑖 =
𝑋𝑖 − 𝑋𝑚𝑖𝑛

𝑋𝑚𝑎𝑥 − 𝑋𝑚𝑖𝑛
                          (1) 

In Equation (1), 𝑋𝑖 is the value of an indicator being observed, 𝑋𝑚𝑖𝑛 and 𝑋𝑚𝑎𝑥 are smallest and largest 

observed values. The process will take care of making sure that all indicators lie within a general range of 

0 to 1. 
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Figure 2: Flowchart of the Multi-Dimensional Effectiveness Evaluation Algorithm 

This figure 2 depicts the chronological activities of the suggested evaluation algorithm starting with 

data collection and passing through normalization, dimension aggregate and weighted score to create the 

end product. The sensitivity analysis inclusion indicates that the process is iterative, which enables the 

model to evaluate the stability of the results and optimize the evaluation results. The flowchart underlines 

the clear and systematic method of evaluation of the efficiency of impact assessment frameworks. 

3.2 Selection of Case Studies for Analysis 

The purposive sampling method was applied in case studies in order to ensure that diversity has been 

captured in terms of sectors, level of governance and geographic setting. To maximize the interest in 

initiatives that explicitly use formal frameworks of impact assessment and have available assessment data, 

the selection was prioritized. Only those cases where multi-year records of implementation were present 

were incorporated to facilitate meaningful evaluation; short-term outputs and long term outcomes could 

be evaluated. The comparability was also improved through the grouping of case studies based on 

thematic groups i.e. environmental management, urban sustainability, industrial systems and social 

programs. This classification aids cross-case analysis and it takes into consideration the variation in the 

context. The latter selection is a compromise of breadth and depth that allows having systematic 

comparison without reducing complex sustainability processes to simplistic levels. 

3.3 Criteria for Evaluating the Effectiveness of Impact Assessment Frameworks 

A proposed Multi-Dimensional Effectiveness Evaluation Model (MDEEM) was used to assess the 

framework effectiveness. The model evaluates five dimensions of effectiveness namely, the relevance of 

the indicators (D1), the methodological strength (D2), the quality of the data (D3), the flexibility (D4) and 

the sensitivity of the outcomes (D5). Due weight is given to each dimension depending on its 

significance. Each dimension (𝑆𝑖) has its effectiveness score (𝑆𝑖) computed as the average of its 

normalized indicators, as shown in Equation (2): 

𝑆𝑖 =
1

𝑘
∑ 𝑁𝑖𝑗

𝑘

𝑗=1

                                                (2)  

In Equation (2), 𝑘 is the number of indicators in the dimension 𝑖. The weighted aggregation of the 

overall framework effectiveness score (E) is computed, as defined in Equation (3): 

𝐸 = ∑ 𝑤𝑖 × 𝑆𝑖

5
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In order to be robust, a sensitivity index (SI) was calculated to verify the stability of results in the case 

of different weights, as presented in Equation (4): 

𝑆𝐼 =
|𝐸𝑚𝑎𝑥 − 𝐸𝑚𝑖𝑛|

𝐸𝑏𝑎𝑠𝑒𝑙𝑖𝑛𝑒
                                       (4) 

In Equation (4), a lower SI value indicates greater model stability and lower sensitivity to weight 

variation. 

Table 1: Evaluation Dimensions and Weights proposed 

Dimension Description Weight (wᵢ) 

D₁ Indicator relevance and alignment with goals 0.20 

D₂ Methodological rigor and transparency 0.25 

D₃ Data quality and consistency 0.20 

D₄ Adaptability to context and scale 0.15 

D₅ Sensitivity to long-term outcomes 0.20 

This table 1 gives the key evaluation dimensions applied in the proposed Multi-Dimensional 

Effectiveness Evaluation Model and the weight of each. The dimensions indicate such critical areas of 

framework performance as relevance, methodological rigor, data quality, adaptability, and sensitivity to 

long-term outcomes. The relative weightings of the different dimensions are used to give the contribution 

of each dimension to the overall effectiveness score, which gives a balanced evaluation because both the 

technical and contextual responsiveness are considered. 

Algorithm 1: Multi-Dimensional Effectiveness Evaluation Algorithm (MDEEA) 

Input: 

    Frameworks F = {f1, f2, ..., fn} 

    Indicators I grouped into dimensions D1 to D5 

    Weights W = {w1, w2, w3, w4, w5} 

 

Output: 

    Effectiveness score E for each framework 

 

Begin 

    For each framework f in F do 

        Collect raw indicator values Xij 

         

        For each indicator i in framework f do 

            Normalize indicator: 

                Nij = (Xij - Xmin) / (Xmax - Xmin) 

        End For 

         

        For each dimension Dk (k = 1 to 5) do 

            Compute dimension score Sk: 

                Sk = Average(Nij for all indicators i in Dk) 

        End For 

         

        Compute overall effectiveness score E: 

            E = Σ (wk × Sk) for k = 1 to 5 

         

        Store E for framework f 

    End For 
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    Perform sensitivity analysis: 

        Adjust weights W 

        Recalculate E for all frameworks 

        Compare variations in E 

 

    Rank frameworks based on E values 

End 

This algorithm 1 presents the logical flow of the offered Multi-Dimensional Effectiveness Evaluation 

Algorithm. It starts with gathering of indicator data and making it normal to facilitate comparability 

among frameworks. They are then grouped into indicators that are aggregated into thematic dimensions 

and weighted scoring is used to calculate an overall effectiveness score of each framework. This is 

because the sensitivity analysis is included in the model, which is used to test whether the results are 

robust to different assumptions in order to increase the confidence in the evaluation results. The structured 

pseudocode underpins transparency, reproducibility and flexibility to various contexts of sustainability 

assessment. 

IV. Findings 

4.1 Analysis of Case Studies in Relation to Impact Assessment Frameworks 

The comparison of the case studies that were chosen shows that there is a significant difference in the 

performance of impact assessment frameworks across industries and situations. The existence of such 

consistency in reporting indicators and tracking outcome results is found to be more consistent in data-

rich environments, including urban sustainability and industrial environments. These instances have 

greater consistency between outlined goals, measures, and recorded outcomes especially when digital 

monitoring systems are inculcated into implementation processes. Conversely, the frameworks applied in 

more intricate social or environmental programs have a skewed performance since of contextual diversity 

and retarded results. In order to measure performance, a Framework Performance Ratio (FPR) was 

determined to understand to what degree planned indicators can be turned into measurable results, as 

defined in Equation (5): 

𝐹𝑃𝑅 =
𝐼𝑚𝑒𝑎𝑠𝑢𝑟𝑒𝑑

𝐼𝑝𝑙𝑎𝑛𝑛𝑒𝑑
                                 (5) 

In Equation (5), where 𝐼𝑚𝑒𝑎𝑠𝑢𝑟𝑒𝑑 expresses those indicators that have verifiable data and 𝐼𝑝𝑙𝑎𝑛𝑛𝑒𝑑 is 

the total indicators that are established within the framework. An increase in the values of FPR means an 

increased operationalization of assessment frameworks. Automated data capture tools yielded significant 

scores in FPR and demonstrated that the ability to integrate systems played a crucial role in a successful 

assessment. 

4.2 Identification of Key Success Factors 

In the analyzed cases, some recurrent success factors were identified that greatly contributed to 

effectiveness of the frameworks. To start with, clarity of indicators and alignment of goals were of the 

essence. A better accuracy in tracking was shown in frameworks that established indicators with definite 

thresholds and time frames. Second, standardized data collection protocols and other data validation 

procedures minimized inconsistencies and reporting gaps that existed in the data. An evaluation of 

performance responsiveness was done through an Outcome Sensitivity Index (OSI) which evaluates 

framework capturing of change over time, as defined in Equation (6): 

𝑂𝑆𝐼 =
𝑂𝑡 − 𝑂𝑡−1

𝑂𝑚𝑎𝑥 − 𝑂𝑚𝑖𝑛
                               (6) 

In Equation (6), where 𝑂𝑡 and 𝑂𝑡−1 are the outcomes at sequential time intervals. Frameworks with 

dynamic indicator assessment systems had greater OSI values as they had a capability to adapt to 
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changing sustainability environment. One more success factor was the utilization of software tools that 

enable real-time analysis and visualization. The tools that were commonly used were spreadsheet-based 

analytics, trend analysis software based on statistics and sustainability dashboards established on business 

intelligence platforms. Such tools helped to increase transparency, create more rapid feedback loops, and 

make evidence-based decisions. 

4.3 Comparison of Different Frameworks in Tracking Sustainability Goals 

Comparative analysis shows that there are obvious differences in performance of various frameworks 

in the monitoring of sustainability goals. Models with combined indicators of the environment, society 

and economy are better than those that are one-dimensional indicators in reflecting comprehensive 

progress. In order to facilitate comparisons, a Sustainability Tracking Efficiency (STE) score is employed, 

as defined in Equation (7): 

𝑆𝑇𝐸 =
𝐸 × 𝐶

𝑇
                                                (7) 

In Equation (7), where 𝐸 is the total effectiveness score, 𝐶 is indicator coverage in the dimensions of 

sustainability and 𝑇 is reporting time lag. The increase of STE values means a more effective and timely 

tracking. Frameworks that were backed by digital platforms and automated reporting systems reported 

higher scores in STE, whereas those that were run manually reported delays and lack of coverage. 

Computational accuracy and minimized time of processing enhanced the utilization of the software tools, 

namely Python-based analytics, spreadsheet modelling, as well as dashboard visualisation platforms. 

Table 2: Comparative Performance Metrics of Impact Assessment Frameworks 

Framework Type Indicator Coverage (%) FPR OSI STE 

Integrated Digital Framework 90 0.88 0.76 0.82 

Sector-Specific Framework 72 0.65 0.54 0.60 

Manual Reporting Framework 58 0.49 0.41 0.46 

This table 2 reflects the comparative performance of various kinds of impact assessment systems 

based on the main evaluation indicators, which are coverage of indicators, Framework Performance Ratio 

(FPR), Outcome Sensitivity Index (OSI), and Sustainability Tracking Efficiency (STE). The measures 

point out differences in performance, responsiveness, and reporting efficiency, which demonstrates that 

digitally connected structures perform better than sector-specific and manual reporting strategies to reflect 

the sustainability generation. 

 

Figure 3: Graphic of Framework Performance Ratio (FPR) 
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This line graph (Figure 3) shows disparity in Framework Performance Ratio amongst the three types 

of frameworks. The combination of digital framework indicates the greatest FPR value, meaning that 

there is a high potential to transform planned indicators into tangible results. Sector-specific and manual 

reporting structures, in turn, display successively smaller ratios, implying that further operationalization 

of defined indicators is more difficult. The trend underscores integration of systems and organized data 

management towards the enhancement of the performance in assessment. 

 

Figure 4: Outcome Sensitivity Index (OSI) 

The area chart (Figure 4) illustrates the differences in Outcome Sensitivity Index between the types of 

frameworks. The overall OSI values of digitally integrated frameworks are higher, which suggests a 

stronger sensitivity to the changes in sustainability outcomes with time. The downward trend under both 

sector-specific and manual framework is an indication that it has a lesser ability to capture dynamic or 

long-term impacts. The message of this visualization is that adaptive indicators and ongoing monitoring 

would help increase the sensitivity of outcomes. 

 

Figure 5: Multi-Metric Performance 
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The radar chart (Figure 5) is the chart that gives the integrated digital framework the multi-

dimensional performance profile in the key metrics, such as the coverage of indicators, the FPR, the OSI, 

and the STE. The moderate values and the constant and high values across dimensions represent well-

performing overall and less trade-offs between efficiency and coverage. This representation explains the 

benefit of whole-system models that incorporate several dimensions of sustainability together in a single 

evaluation framework. 

 

Figure 6: Sustainability Tracking Efficiency (STE) 

The heatmap (Figure 6) presents comparative discrepancies in Sustainability Tracking Efficiency by 

the types of frameworks. The darker the shade of the integrated digital framework, the more efficiency in 

monitoring the sustainability goals, whereas greater lightness of the shade of the manual reporting 

frameworks defines the lack of efficiency.  

Such results suggest that methodological rigor, technological assistance, and continuous evaluation of 

performance are important in enhancing the results of impact assessment in global sustainability projects. 

V. Discussion 

The results of this research have significant implications on the sustainability activities of the world, 

especially by indicating how the design and adoption of impact assessment models has a direct impact on 

the credibility and the applicability of the reported results. Structures that incorporate explicit signposts, 

dynamic monitoring processes, and electronic aids are more likely to reflect a higher ability to know what 

is the real progress being made towards sustainability targets indicating that quality of assessment is as 

important as the policy ambition itself. These findings show that programs based on discontinuous or 

manual evaluation methods run the risk of under-reporting success or missing long-term and cross-

industry effects. To enhance the impact assessment systems, more focus should be laid on streamlining 

indicators about strategic objectives, enhancing data governance culture and implementing adaptable 

evaluation systems that adapt to the evolving contextual factors. Transparency and comparability among 

initiatives can be further improved by the adoption of standardized, but flexible performance metrics, 

which are assisted by software to analyze and real-time reporting tools. Also, by integrating the 

evaluation processes into the decision-making framework, one can guarantee that the assessment results 

can positively influence the policy modification processes, as opposed to the passive reporting purposes. 

Further studies are necessary in the longitudinal uses of the integrated assessment models to learn more 

about the frameworks performance across a long period of implementation time. More research on the 
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place of emerging technologies, including advanced analytics and automation, can also contribute to 

understanding how to enhance the accuracy, scalability, and inclusiveness of sustainability impact 

assessments. 

VI. Conclusion 

This paper has discussed how impact assessment frameworks can be effective in terms of monitoring 

performance and results of global sustainability programs. The results suggest that models that integrate 

well-articulated pointers, powerful information control frameworks, and versatile methods of assessment 

are far more productive in recording substantial sustainability consequences. The comparative study of 

the chosen case studies shows that digitally supported and integrated frameworks are always superior to 

the ones relying on manual models and limited to specific outcomes sensitivity areas and efficiency in 

tracking indicators. The quantitative comparison of the evaluation dimensions indicates that digitally 

enabled frameworks have better scores on aggregate performance, the significance of which lies in the 

integration of technology and the rigor of methods. These findings also indicate that the best impact 

assessment frameworks are not confined to compliance-based reporting but they can be used to support 

organizational learning, accountability, and evidence-based decision-making. Statistical difference that 

can be identified in the dimensions of the framework underlines the importance of continuous monitoring 

systems, and using them, institutions can identify any implementation gaps, evaluate the effectiveness of 

the policy, and implement the necessary corrective actions in a timely manner. Frameworks with 

deficiency of adaptive indicators and real-time information integration demonstrate worse performance in 

long-term outcomes and transformational change highlights their inability to offer solutions to complex 

and interconnected sustainability issues. Since the global sustainability concerns are becoming more 

complex, the idea of the systematic review of the progress on the environmental, social, and economic 

levels becomes essential. The research also points out the need to continue improving impact assessment 

systems to make them relevant, eruditable, and context sensitive. The ongoing enhancement and constant 

monitoring can be regarded as the key elements of bringing improvements to the sustainability initiatives 

efficacy on the long-term basis. Further studies are required concerning the implementation of 

longitudinal and inferential statistics to gain a clearer insight into the causal relationships between the 

design features of the framework and their sustainability results. The representation of innovative digital 

technologies, including real-time data analytics, machine learning, and geospatial technologies, has great 

opportunities to enhance the accuracy of the prediction and responsiveness. Also, the increased 

application of participatory evaluation methods and integrating qualitative and community-level data will 

enhance the relevance to context. It will be important to develop standard but flexible indicators that are 

aligned to global sustainability goals so as to develop impact assessment practices to support sustainable 

and long-term policy impacts. 
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